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Abstract

This research suggests an effective framework for measuring user’ s emotions in handling a intelligent production using
Human-Artificial Intelligence Interaction (HAII), While the existing research studies used survey based human-computer
interface evaluation methods, this research analyzes the bio-signals of a user handling an intelligent product and reasons
the relationship between the bio-signals and the human emotions, The reasoned model is used for measuring human' s
emotions handing an intelligent product only with bio-signals in real time, In order to show the effectiveness of the framework,
experiments using an intelligent system with Voice User Interface (VUD) are modeled and tested, The bio-signals are measured
from Electroencephalogram (EEG) based 31 neuron channel and these are classified with the premeasured human emotions
using a K-Nearest Neighbors(KNN) and nonlinear support vector machine, The suggested framework is considered a new and
effective framework measuring a human' s emotions in HAT interface environment in real time,
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